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OBJECTIVE RESULTS:MSA PARTICIPANTS RESULTS: LONGITUDINAL CHANGES

Assess brain volume changes in patients with multiple system atrophy For participants enrolled in bioMUSE, fluid and imaging biomarkers, along
(MSA) over one year. with clinical manifestations, were used to classify patients as MSA (n=10:
6 MSA-P, 4 MSA-C) or PD/DLB (n=5). Patients who tested negative for
alpha-synuclein (n=2) were excluded from the analyses.
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Over the 12-month period, PD-like
patients showed no significant brain
volume changes. In contrast, both
MSA-C and MSA-P patients exhibited
significant volume reductions in the
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